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Abstract: The domestic and overseas research progress of artificial intelligence technology in the field of games was

summarized and the significance of the research progress in the field of games for real life was analyzed. In view of the

gap between simulation and reality in model based methods and the lack of generality of the model-based approach in

reinforcement learning, the idea and method of parallel game were put forward, and the advance of parallel game in solv-

ing the existing problems of single-role game and multi-role game was introduced. The parallel game method will be the

cornerstone of the general artificial intelligence.
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